o o Highlights
IS ge ntrlﬁcathn arace phenOmenOn or 4 Wealth . Gentrification is difficult to define. We decided to define

gentrification narrowly as an increase in a tract’s median
household price quantile.

p h e n 0 m e n 0 n ? « The features with the greatest explanatory power were not

purely wealth-related. The Caucasian median income and
the change in the proportion of graduate degree-holders
were more important.

Citadel Datathon Oct 2020 - Team 9  Gentrification is a multifaceted problem and is not purely
a wealth phenomenon.

What is gentrification?

Most definitions of gentrification posit that the influx of affluence

Modelling Results

Causes home priceg to increase, displacing ’Ehe or:iginal poorer Our objective with modelling was explainability over predictivity. To that end, Based on both the linear regression model and the Random Forest regressor, one
}nhabltants of a nelghbourhoqd. This deflmt%on 1s problematic because we began with a simple OLS model fit using both quantile changes and the initial of the most important features in determining gentrification, as measured by the
it encompasses several nodes in a causal chain: quantile values of different demographic quantities as features. Select betas are change in the quantile of the median home values in a tract, is the change in the
shown below. The variables with the largest positive beta are the fraction of the (quantile of the) median Caucasian income.
Gentrification tract population that have graduate degrees, and the Caucasian median income.
This initially suggests that the wealth aspect of gentrification is not dominant.
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We decided to measure gentrification by the change in the quantile of Caucasia edia come 0.0 % €  0.005 =
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